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Why surveys are not always enough

* Surveys successfully used for collecting self-reports, perceptions and opinions

* Butprone to:

/ Recall bias \ /Limitedgranularity \ / Socialdesirability\ /Self-reportibehavior\
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 Many behaviors occur digitally nowadays
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* Digital traces can substantially enrich survey data -—- .



Data Donation as a method

Takes advantage of GDPR (EU)
* Rightofaccess by the data subject & data portability (articles 15 & 20)

* Receive personal data in structured Data Download Package (DDP)
* Inthe US? Most major platforms now provide DDPs globally

* Ask panel members to request data package and donate for research
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a privacy preserving donation tool
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Whitelist approach Blacklist approach

* Extract only what you currently need * Extract everything in the DDP for future use
* Selected datapoints * Minus Personal Identifiable Information

* Privacy-by-design * Extra cleaning may be necessary

For instance, only: For instance, all:
* Number of contacts in WhatsApp group e Likes, comments & posts on Insta & TikTok

* Number of steps per day * Visited URLs

The methodological choice determines privacy risk, data richness, and cleaning complexity



Integration into the LISS panel

Statistics

* Probability-based sample Statistics Netherlands (CBS) SN ——
* Collecting longitudinal data since 2007

» ~7,500 panel members

e 70-80% monthly survey response

* Opendatain LISS Data Archive: https://lissdata.nl
 Data linkable to CBS register data

Integration of Port for Data Donation allows us to:
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* Testit within a high-quality panel infrastructure

* Enrich longitudinal survey data with digital trace data



https://lissdata.nl/

Three Data Donation projects -
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Studying Social Networks in Physical Activity among Public perceptions and
WhatsApp 50+ adults experiences in society with.

Artificial Intelligence
* Communication patterns * Apple Health

*  Group dynamics « Samsung Health
* (Google Location History

Corten et al. (2026) Keusch et al. (2025) AlgoSoc.org
https://doi.org/10.1007/s13278-025-01550-8 https://www.jmir.org/2025/1/e69799 https://doi.org/10.1080/13645579.2025.2568497

e Automated Decision
Making systems
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Study 1: WhatsApp group chat donation
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N = 4800 gross sample (100%)
N = 3598 participated in survey (75%)
N = 929 consented to donate (19%)

N = 492 donated at least 1 DDP (10%)

809 DDPs from 492 donors
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Study 1: WhatsApp donation response and bias
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Study 2: Measuring Physical Activity in Older Adults

Aantal stappen
¢ n 3 Source: Image created by the Authors using DALL-E;
Copyright: N/A (Al-generated image); License: Public Domain (CCO)
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Study 2: Measuring Physical Activity in Older Adults
Participation by Health App (n=1883)
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Bias in
who donates

Female - —e—!
Male 4 Il eo—
50-54 years 4 ! .
55-59 years - e
60-64 years | L jo—
64-69 years 1 —e—t
70-74 years 1 —e— ! \ |
74-79 years - —.— !
80 years and older - o !
One-person HH 1 —
Two-person HH 4 -—0'—‘
Three- and more-person HH 4 —

Not urban 4 !—0—
Little urban - -—‘—~
Moderately urban 4 '—‘—-
Strongly urban - -—‘—-
Very strongly urban 4 ._._!

Employed for pay 4 : —— -
Unpaid work, incl. housework 1 —— '
Unemployed/Retired/Disabled - ——— '
€1000 or less 1 —— '
€1001 to €1500 ~ —— i
€1501 to €2000 - '—0—"
€2001 to €2500 4 -—'0—-
€2501 to €3000 , f— )
More than €3000 - I ——
No income/NA 4 —— I
Low educational attainment 4 ——— I
Medium educational attainment - '—f— —
High educational attainment - i ———
-20 0 \. 2

Bias (in percentage points)

Figure 3. Bias in sociodemographic measures between donors and the full sample. Dots
indicate bias point estimators, and bars indicate 95% Cls. HH: household; NA: not available.



Study 3: Algorithmic Society (AlgoSoc) UvA
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* LISS participants donated DDPs:

n .
Designing a ‘fair’ human-in-the-

* Public perceptions and experiences with artificial intelligence locp

J

TikTok

(Al) and automated decision making (ADM) systems in society AlgoSoc.org

2024 -2026: 6 survey waves, 2 data donation waves (‘24 & ‘26)
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Study 3: Algorithmic Society (AlgoSoc) UvA

Number of donated packages
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Donated Data Packages per Platform (AlgoSoc Study)

H Content
Empty

21

Total donated packages = 1,042 (+24 empty)
Unique respondents = 589
Total survey participants = 3,185

Google Facebook Instagram TikTok
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Study 3: Algorithmic Society (AlgoSoc) UVA

Additional privacy measures

—fg» | A, Port

after informed
consent:
Participants
upload data

o Participants
Pre-Filtering ~ =———» inspecf data

Checks patterns Participants have the

encountered in data opportunity to easily

and removes search, and if they

standardized forms of choose so, delete

the following: data.

- participant names They can also delete

- e-mail addresses data in bulk when

- explicit content selecting “types”, e.g..
their comments, likes,
or posts.
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Study 3: Algorithmic Society (AlgoSoc) UVA

Additional privacy measures

4@7

after informed
consent:
Participants
upload data

Pre-Filtering —P‘

Checks patterns
encountered in data
and removes
standardized forms of
the following:

- participant names
- e-mail addresses
- explicit content

ll: Port

Participants
inspect data

Participants have the
opportunity to easily
search, and if they
choose so, delete
data.

They can also delete
data in bulk when

selecting “types”, e.g..

their comments, likes,
or posts.

Participants
donate data

LISS

panel

by CENTERDATA

research institute

{ CENTERDATA

Centerdata
cleaning scripts
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Secure ANalysis
Environment (SANE)
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UNIVERSITEIT VAR AMSTERDAM

Secure Server

Because sensitive
data may appearin
unstandardized ways,
Centerdata is provided
with cleaning scripts
(in Python).

They take as input
names, addresses and
other data to easily
remove and replace
those instances.

Encrypted Storage for data
privacy.

Restricted Access only for
authorized researchers
{signing NDAs).

On-Site Processing — no
individual-level data leaves
the server.

Admin-Controlled Access fo
specific data types.
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Repeating and new donors over the three studies

Repeat vs New Data Donors Between LISS Data Donation Studies
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Proportion of LISS panel members who donated data again (blue) or for
the first time (orange) in subsequent data donation studies. Repeat

donations vary between 40 - 60%. New donations are about 6-10%. I




Lessons learned {CENTERDATA

Feasible for probability-based panels

* Lower participation than surveys, but still valuable

Multi-step friction is the main barrier

Repeat participation improves efficiency

Whitelist vs Blacklist = strategic trade-off

Survey Data Digital Traces Hybrid research designs




Questions?

More information:

Centerdata:
www.centerdata.nl

LISS data archive (non commercial use):

NTERDATA

research institute

Joris Mulder
LISS quality & innovation Lead

joris.mulder@centerdata.nl


https://www.centerdata.nl/
https://www.lissdata.nl/
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